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1.2 FEEREEZE (Moment Matching)
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1.4 FEELEEE (Density-Ratio Fitting)
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2.1 EFERAEXRIE (Importance Sampling)
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2.2 57 iE (Distribution Comparison)

EFEAEGICESWT, FHMIEAESICEEN I BFEHLZRETOMEEZE XS, Zh
b OOERERITRT HEELE S 2 UL, EREICHTAEELROMIT 1ICEL, &
FEIZX T 2 BEOMEIX 1 Db RESHEND. 6o T, BELOHEFMAREL T2
IRV REEEZBINT 52 ENTES.

o, BELHETEN () AV Z EICLY, SHHEOEMEREELSHET 2L
MNTED

o NNy 7l YT log T(a)

o LY Mk Y A

T Ry 1

I D DOEEEE EE VL, WEASEXEIZ LY oD MO —EET 5 Z &
NTE .

2.3 MHERBHREHT (Mutual Information)
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